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Copernicus CoCO2 project,
prototype of a CO, monitoring
service which aims, in
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Targetted plume weight bool. CNN segmentation proba

Convolutional Neural Networks: U-net algorithm
. capture spatial features of the image through application

of successive filters
d i.e., transform image into relevant features maps - [
> used to recognise spatial features that belong to an anthropogenic plume ;
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