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@ Context

Satellite radar altimetry provides a crucial long-term record of ice sheet changes, but single-antenna measurements suffer from ambiguity
in the origin of surface reflections.

Standard Level-2 processing chains aim to overcome this through techniques like slope correction and retracking. However, these methods
tend to offer degraded performance over complex terrain and extract limited information from waveforms, typically a single elevation at
the point of closest approach.

This study leverages deep learning to learn the full, underlying, across-track topographic distribution of possible surfaces within the
satellite footprint, using solely CryoSat-2 (CS2) SARIn radar altimetry power waveforms.

@ Methodology
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