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Finding the needle in the haystack
CPI/HICP are based on product information/prices collected

 - manually in local stores (~ 20,000/month)

 - by barcode scanners at the checkout (~ 
670,000/month)

 - online via webscraping (~ 140,000/month)

The conference is partly 
financed by the European Union

Mistakes in data collection are rare but not impossible

Assuming all outliers are indeed invalid values per se is not justified
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Error detection based on rates of change
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Well established and easy to understand!

Medcouple adjustment to accommodate for skewness 

Can be applied on index and single product level

The workhorse of the entire framework



Find indices that have developed in similar patterns in the past (Nearest Neighbours 
search)
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Error detection based on similar index groups

Compare current index development of target with neighbours

Error-flag if target lies outside the range of neighbours

Considered experimental

 - Best suited evaluation variable (index value, monthly/annual rate of change, 
...)?

 - Normalisation?

 - Best suited distance measure?

 - Which nearest neighbours are indeed near enough?
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Error detection based on time series 
modelling

Auto ARIMA modelling for every index series on lowest aggregation level 
based on the index pattern of the past

Prediction of the current value and comparision to the measured value

Error-flag if measured value is outside the 95% CI for the predicted 
value 

Considered experimental

 - Does the modell fit well enough to be reliable?

 - To smooth or not to smooth?

 - Multivariat approaches and the power of AI (e.g. recurrent neural networks)?
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False positive over false negative

Summary and outlook

Increasing evaluation speed is easier than increasing precision

Evaluation on monthly change rate is the most useful approach 
in production

Nearest neighbours search well suited for regular but not strict 
periodical cyclic patterns (travel expenditures around Easter)

Time series approach well suited for seasonal products 
(clothing) and strict periodical cycles (taxes)

Constant work in progress

Parameter selection for Nearest Neighbours and ARIMA

Feedback from users is highly appreciated 

New features (mail notification system, …)Omit periods where COVID had a large impact on the market

Bug fixing
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