Maximising the impact of identifying and supporting at-risk students; models, edge cases and quirks
Introduction. A central goal in education is to identify and support students who are struggling to progress. Models to identify at-risk students typically run into a key problem when deployed at scale; how do you encapsulate the variation amongst learners and learning designs? Some attack this problem by producing models of increasing complexity and sophistication to understand this variation (Kuzilek et al., 2015), whilst others have adopted simple rules to provide a robust model in the midst of a complex system (Foster & Siddle, 2019). Assuming we can identify at-risk students, how should we act on this information?
Format of the round table. A short sharing of our experience followed by an open discussion.
Work-in-progress. We seek to explore the widening of the net in identifying students at-risk and adapting the way we target students, given the lessons we have learned along the way. 
Context/background. At our university we have a hybrid recommender system that is simple at heart but draws on a mixture of data sources - learning analytics, academic marks and the humans involved. This is currently applied to a chosen sample of subjects in each academic session. Identified students are then passed to an outreach team who contact them, via sms, email and phone, and troubleshoot the next steps for the student in seeking support or contemplating deferring an enrolment.
Intended outcome. Contact with individual students is resource intensive and we seek to explore how to maximise the effectiveness of this entire system; who should we be targeting, how should we then act, and how do we construct adequate feedback in this entire system to improve the student experience?
