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RECEIVER OPERATING CHARACTERISTIC CURVE (ROC) CURVE
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CALIBRATION CURVE
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DECISION CURVE ANALYSIS
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Predicting Caesarean Section Following Induction of Labour
(CSAIl Web App)

Important Information:

This calculator is only applicable to women who consider induction of labour and meet the eligibility criteria (singleton, cephalic, term, and no prior history of caesarean section).
It must be used in addition to, and not as a substitute for, appropriate clinical judgement.

Instructions:

All fields need to be answered. Default values have been pre-filled for demonstration purposes only.

For fill-in-the-blank questions except postcode, if the information is not known or uncertain, please enter 99. For an unknown postcode, please enter 9999.

Hover over the information icon i for more details.

Maternal age (years): 31 Pre-pregnancy BMI (kg/m?): i 26 Postcode of woman's primary residence: i 3151
Planned weeks of gestation for induction of labour: i © 37 © 38 @ 39 O 40 O 41

Have you given birth before:i O Yes (with prior vaginal birth) ® No © Not known

Giving birth in a private hospital: O Yes @ No O Not known

Smoked before 20 weeks of gestation: O Yes @ No O Not known

Pre-existing diabetes before current pregnancy:i O Yes @ No/Not known

Preeclampsia during current pregnancy: i O Yes ® No/Not known

Which region the woman was born in:i  ® Australia (includes External Territories) O Oceania and Antarctica (excludes Australia) C Europe O Africa O Asia © America © Not known

Predict Reset




Predicted probability of caesarean section following induction of labour:
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34.1%



Predicted probability of caesarean section following induction of labour:

34.1%

Plotting the contribution of each predictor, ranked by importance:

£ 0 = Previous birth

31 = Maternal age

1 = Maternal region of birth

29 = Weeks of gestation at induction
26 = Pre-pregnancy BMI

5 other features

E[f(x)] is the baseline probability.
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Thanks!

CSAI WEB APP Any queStionS?

Please keep all content shared today confidential, as the paper has not yet been published.
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